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A global roadmap for users
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CorText Manager galaxy



Dealing with « locations »: 
geocoding and mapping

R
IS

IS
 tra

in
in

g
 se

s
sio

n
s |

 S
e
ss

io
n

 1
b

 |
 sp

a
ce



R
IS

IS
 tra

in
in

g
 se

s
sio

n
s |

 S
e
ss

io
n

 1
b

 |
 sp

a
ce

1/ From data to spatial analysis

Examples of inventor addresses in a list of patents



1/ From data to spatial analysis

Common steps to fulfil the gap between textual
information and spatial analysis are:

1/ Dealing with toponyms and finding coordinates
 Extract toponyms, if not done yet (e.g. NER, Gate);

 Classify toponyms (building names, neighbourhoods, postal codes, city 
names, region names…), if not done yet;

 Solve ambiguities and convert toponyms into coordinates (geocoding);

2/ Projection and mapping
 Projection of coordinates onto shapes;

 Map aggregated locations and (eventually) cross results with other
variables.
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1.1/ Geocode with CorText Manager

To classify elements in an address, we are using LibPostal: an address parser
and normalizer, which is a multilingual, open source, Natural Language
Processing based engine, to classify geographical elements in worldwide
street addresses. LibPostal has been trained on OpenStreetMap.
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Standardisation

Classification
(https://github.com/openvenues/libpostal)

https://github.com/openvenues/libpostal


1.1/ Geocode with CorText 
Manager
Types of classified entity and ontology used

See the full picture here: https://github.com/whosonfirst/whosonfirst-placetypes
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https://github.com/whosonfirst/whosonfirst-placetypes


1.1/ Geocode with CorText 
Manager

We are providing two types of access: at the services (API) and
application (CorText Manager) levels:

Backend (engine)

Web app access: trough original methods 
developed inside CorText Manager

Services access (API): 
• Toponym's classifier

• Reverse geocoding service

• Structured Geocoding (e.g. postal 
codes) service

• Full addresses geocoding engine

• …
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1.2/ Short insights on methods

For a given address, the geocoding engine try to solve
ambiguities* by :

 Classifying toponyms and using the ontology;

 External variables (popularity criterium: number of 
inhabitants) to order which candidate is the best. 

*same names different countries, same names and different geographical entities
(region and city), acronyms, misspellings, vernacular names, multilingual names

With three options to fit the needs of the researches
conduced by our users : from meso scale (regional level)
to smaller spaces (venue, building streets).
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1.2/ Short insights on methods



1.3/ Examples of results

• Located at different scales (points or centroids of shapes)

• Located with different types of geospatial entities (venue,
locality, postal code, neighbourhood…)
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1.4/ Refine directly online
R

IS
IS

 tra
in

in
g
 se

s
sio

n
s |

 S
e
ss

io
n

 1
b

 |
 sp

a
ce

Based on the confidence score and for not geocoded
addresses you may want to refine the results.
https://explorer.cortext.net/geo/refine/0b2a89bacc53907bce0aeb640f6649c5/2747510003210

https://explorer.cortext.net/geo/refine/0b2a89bacc53907bce0aeb640f6649c5/2747510003210


 urban areas (> 50 000 inhabitants);

 “rural areas” at the regional scale (regional shapes, excluding URA shapes).

 Worldwide coverage: 4 200 Urban areas and 4 428 Rural areas

RISIS training sessions | Session 1b | 
space

2.1/ Projection onto geospatial 
shapes, short insight on methods

Aggregate longitudes and latitudes in 

Urban & Rural Areas (URA) or NUTS3…



2.1/ Projection onto geospatial 
shapes, short insight on methods
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2.1/ Visualized URA and NUTS3 
(maps)
https://geomapping.cortext.net/#/map/c0801bef413b5d7bb44dcc17149f1bff
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https://geomapping.cortext.net/#/map/c0801bef413b5d7bb44dcc17149f1bff


3.1/ Cross geospatial and semantic
landscape: collaborations network
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HCQ treatment & HCQ use: malaria

Induced autophagy & induced apoptosis: cancers

Plasmodium falciparum & CQ resistance: lupus and COVID19



3.2/ Cross geospatial and semantic
landscape: profiling
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lupus and COVID19

(Plasmodium falciparum 

& CQ resistance)
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3.2/ Cross geospatial and semantic
landscape: profiling

cancers

(Induced autophagy 

& induced apoptosis)
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3.2/ Cross geospatial and semantic
landscape: profiling

HCQ treatment 

& HCQ use

malaria


